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 Due to economic and environmental factors, boiler houses are forced to switch to wood 

fuel, which is very popular in the modern world. The most practical way to supply them 

with wood fuel is to mobilize mobile chippers that can move between different boiler 

houses and save money on additional chipping equipment. This paper seeks to build a 

mathematical model to optimize the movement of a mobile chipper between multiple 

boiler houses and its operation during the heating season. The model was designed for 

long-term planning, and it relies on a simplex algorithm. It considers three crucial 

parameters: machine capacity, feedstock amount, and traveled distance, and is suitable 

for schedule modeling purposes in the presence of fewer than 12 nodes. The number of 

nodes can be higher after a heuristic rule is applied. The proposal can be help schedule 

the biomass feedstock development at the regional level and switch to the local types 

of fuel. In addition, it will reduce the cost of thermal energy and increase the volume of 

wood waste chipped.  
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1. INTRODUCTION 

 

The increased interest in woody biomass resources over the 

past thirty years suggests that biofuels with their favorable 

carbon balance have more environmental advantages when 

compared to extractable resources [1]. Wood fuels belong to a 

group of environmentally friendly renewable energy sources, 

the burning of which reduces carbon emissions and wildfires. 

Waste from timber processing operations can exceed 50% of 

the total round wood volume to be treated, an amount that can 

pollute vast areas of forestland. 

Many developed countries undertake a range of measures to 

increase the share of renewables, from policy adoption at the 

state and local levels to provision of subsidies, contributions 

or tax benefits for the population and enterprises [2]. Over the 

past half century, more than half of the world’s forestry 

products have been sold as wood fuel [3]. At present, the wood 

fuel sector exhibits great potential for expansion and is 

constantly growing, which is not the case for other forestry 

products. The production of woody biomass facilitates the 

growth of agricultural and forestry sectors, opening up new 

prospects for farmers and forest owners, but it also comes with 

certain challenges. The primary one is a price competitive sale 

of woody biomass resources [4]. In Russia, biofuel production 

quickly became a profitable business, as evidenced by many 

initiatives that have emerged in recent years [5]. When pressed 

to form a briquette or a pellet, woody resources acquire high 

energy density, become environmentally friendly and 

convenient for transportation, and suit domestic and industrial 

purposes [6]. The use of waste wood as fuel substantially 

enhances the efficiency of energy supply at enterprises and 

reduces the amount of air emissions. According to the study 

[7], Russia has more than 270 wood pellet manufacturing 

facilities that generate up to 3.5 million tons of wood pellets 

per year. Those large and medium-sized forestry enterprises 

either produce wood pellets as byproducts or utilize them as 

fuel in boilers. However, this type of fuel is still in little 

demand on the Russian domestic market, such that around 
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98% of wood pellets produced in Russia are exported to other 

countries [8].  

Energy conservation and transition to environmentally 

friendly fuels require the use of new equipment and proper 

training in this field. Some regions in Russia with a developed 

forestry industry may see switching from coal and oil to 

ecological fuels (such as wood chips) as the potential need. 

Low-quality wood, felling residues, and sawmill waste, which 

can be processed into fuel chips which can heat the building of 

the logging enterprise itself, lumber warehouses and nearby 

lumber camps [9]. 

Wood chips are the preferred fuel for timber terminals. They 

can be the main product derived from energy plantations [10]. 

Unlike technological chips, fuel chips have practically no 

quality requirements [11]. The problem of high chip transport 

stability can be overcome by generating it on-site. However, it 

would be excessive to purchase individual chippers for each 

small boiler house, as it will stay idle for most of the time. 

Therefore, a more reasonable solution is to create one mobile 

chipper that can move freely between boiler houses and create 

piles of fuel chips wherever needed [12, 13]. 

A chipper that moves between boiler houses needs to follow 

a specific planned route and know the exact volumes of fuel 

chips to create to maintain fuel supply until the next arrival. 

Mobile chipper routing and scheduling should receive 

adequate attention because without them, the chipper may fail 

to visit all locations at the right time in the winter season [14]. 

Mobile crusher schedule disruptions can result in staff being 

required to work seven days a week that may negatively affect 

the health of personnel and lead to equipment wear and tear 

[15]. Not to mention the likelihood of freezing in the absence 

of necessary fuel. 

When drawing up a schedule, it is necessary to consider the 

state of the road network and chipper’s energy demand. The 

amount of wood waiting to be turned into chips and fuel 

demand thus are crucial for designing logging roads [16]. 

When determining the amount of to-be-chipped wood, one 

should consider the volume of wood that will come from the 

planned forest thinning operations. 

The choice of the optimal chipper routing sequence and 

travel schedule depends on the capacity of the vehicle. This 

paper aims to build a mathematical model for mobile chipper’s 

travel missions to optimize its operation during the heating 

season and supply each boiler house with as much fuel as 

necessary. For this, it is necessary to minimize the driving time 

between boiler houses while taking the chipper's capacity and 

the planning horizon into account. The proposed method can 

help plan routes and design projects to supply distant boiler 

houses with wood fuel. 

 

 

2. MATERIALS AND METHODS 

 

2.1 Mathematical model for a mobile device's travel 

 

A mathematical model describes the motion of a single 

mobile chipper traveling between boiler houses while 

considering the following parameters: chipper’s capacity, fuel 

demand at the boiler houses, and travel distance between 

locations. The planning horizon spans one heating season or 

an interval between planning and the complete satisfaction of 

fuel demand). It includes the minimum number of travel cycles 

of the mobile chipper required. A travel cycle is a schedule of 

chipper’s travel or a sequence of locations that a machine has 

to visit. The number of travel cycles is unknown. 

The following notations will be used in building the 

mathematical model: 

𝑚– the number of boiler houses. Then, 𝑀 = {1,⋯ ,𝑚} 
would be the index set of boiler houses. The input data include: 

𝑅 – the capacity of the mobile chipper (i.e., the number of 

solid cubic meters of fuel chips produced per wording day, that 

is, within 8 hours). 

𝑉𝑖
/
 – the boiler house’s daily demand for fuel chips (i.e., the 

number of solid cubic meters), with 𝑖 ∈ 𝑀. It can be defined 

as an average quantity of fuel chips that one boiler house i 

requires per day to operate. The daily demand for fuels chips 

is the ratio of the total seasonal demand to the total number of 

days of the heating season. 

𝑉𝑖
//

 – the boiler house’s total demand for fuel chips 

(producing more chips would be inefficient), with 𝑖 ∈ 𝑀. 

𝑊𝑖 – the boiler house’s initial biomass feedstock on the day 

of planning, with 𝑖 ∈ 𝑀. 

𝑇 – the maximum planning horizon (number of days). This 

variable helps to limit the planning horizon. For example, there 

are several days until the heating season ends. In this case, the 

planning horizon should be limited to the number of days left 

until the end of the heating season. In another scenario, 

preventive maintenance is to be carried out. Here, it is also 

advisable to limit the planning horizon. 

𝐴𝑖,𝑘  – time required to drive from one boiler house i to 

another k (number of hours), with 𝑖 ∈ 𝑀 and 𝑘 ∈ 𝑀. 

The variables parameters include: 

𝑛 – the number of travel cycles. Then, 𝑁 = {1,⋯ , 𝑛} would 

be the index set of travel cycles. 

𝑋𝑖, 𝑗 – the duration a mobile chipper takes to generate fuel 

chips at the boiler house i during the cycle j (number of days), 

with 𝑖 = 1,… ,𝑚 + 1 and 𝑗 = 1,… , 𝑛. 

An additional fake destination (m + 1) was introduced to 

determine the idle time, which can be used for preventive 

maintenance and granting employees who serve the chipper 

personal time off, vacation days, and sick leave. 

In the movement scheduling problem, the permutation of 

boiler houses is the unknown parameter denoted as 𝑃[𝑙] , 

where 𝑃[𝑙] ∈ 𝑀  is a boiler house in some permutation 

sequence, with 𝑙 ∈ {1, … ,𝑚} and 𝑃[𝑚 + 1] = 𝑚 + 1. 

 

2.2 Boundary conditions 
 

The fuel demand of each boiler house in each travel cycle 

must be lower than the amount of available fuel (initial 

biomass feedstock + produced fuel chips). The formula would 

be: 
 

𝑉
𝑃[𝑙]
⋅

(

 
 
∑∑𝑋𝑃[𝑖]. 𝑗

𝑚+1

𝑖=1

𝑟−1

𝑗=1

+∑𝑋𝑃[𝑖]. 𝑟

𝑙−1

𝑖=1

)

 
 

 

≤ 𝑅 ⋅∑ 𝑋𝑃[𝑙]. 𝑗
𝑟−1

𝑗=1
+𝑊𝑙  , ∀𝑙 ∈ {1, … ,𝑚}, ∀𝑟 ∈ 𝑁 

(1) 

 

The produced amount of fuel and its initial biomass 

feedstock should be enough to satisfy the total demand for fuel 

chips when a chipper is not present at the boiler house. The 

total volume of fuel chips produced for each boiler house 

during the heating season must be the same as the total volume 

of chips required to operate until the end of the heating season 

minus the volume of its initial feedstock. The formula for 
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chipper capacity would be: 

 

𝑅 ⋅∑ 𝑋𝑃[𝑙], 𝑗
𝑗∈𝑁

= 𝑉𝑃[𝑙]
//
−𝑊𝑃[𝑙], ∀𝑙 ∈ {1, … ,𝑚} (2) 

 

The planning horizon is limited to a specified value, as 

shown below: 

 

∑ ∑ 𝑋𝑃[𝑖], 𝑗
𝑖∈{1,…,𝑚+1}

𝑗∈𝑁

≤ 𝑇 (3) 

 

The duration a mobile chipper takes to generate fuel chips 

at each boiler house during each cycle takes on a positive value, 

as shown below: 

 

𝑋𝑖, 𝑗 ≥ 0, 𝑖 = 1,… , (𝑚 + 1), 𝑗 = 1, … , 𝑛 (4) 

 

An objective function would be: 

 

∑𝐴𝑃[𝑖],𝑃[𝑖+1]

𝑚−1

𝑖=1

→ min (5) 

 

The objective function seeks to minimize the time a mobile 

chipper will need to travel between boiler houses. The said 

parameter was chosen to determine the sequence of locations. 

With the knowledge of the required movement time, it is 

possible to minimize movement costs. 

The main advantage of this model is its simplicity. In 

general, it is a non-linear model because it defines the 

permutation of boiler houses. At the same time, it becomes 

linear for each permutation and a given number of cycles. 

Therefore, each permutation receives a different method to 

solve the movement scheduling problem. The proposed model 

can be easily adapted to other optimality criteria. 

 

2.3 Algorithm for optimizing the movement schedule of a 

mobile chipper 

 

The problem-solving method seeks to find feasible 

solutions to the system of linear constraints by gradually 

increasing the number of travel cycles of the mobile chipper, 

starting with one cycle. At the same time, it is vital to 

determine location permutations in accordance with the 

objective function (5). The increase in the travel cycles 

continues until the system of constraints (1) - (4) receives at 

least one feasible solution, that is until all boiler houses have 

enough fuel. For each number of cycles set, several iterations 

were calculated with respect to the number of possible 

permutations. Each iteration consists of three stages: 

Stage 1: Destination permutation. Boiler houses undergo 

rearrangement according to some conditions (the presence of 

roads between locations). Permutation shows the new 

sequence of locations a mobile chipper has to visit. After each 

permutation, the driving time between locations is calculated. 

The less it takes to approach the destination, the better. 

Stage 2: Solving constraint system. When rearranging boiler 

houses and setting a particular number of travel cycles, it is 

crucial to solve the system of linear constraints (1) - (4) to 

determine the operating time of the chipper at each boiler 

house and idle time. For this, bringing the constraint system to 

the canonical form is in order. This process involves adding 

additional variables to inequalities (1) and (3) where the 

inequality symbol is ‘less than’ and artificial variables to 

constraint (2) having an equal sign. The next step is to 

establish the operating time of the chipper at each boiler house 

using the simplex method [17] while taking the restrictions on 

the volume of chips that can be produced and the initial 

feedstock into account. In this case, the minimum value of the 

sum of the artificial variables acts as the objective function (6) 

and shows the extent to which the solution satisfies the model 

constraints. If the value of the objective function is large, then 

the constraint system is incompatible, and a shift to another 

permutation is required. If incompatibility remains with all 

permutations, then the number of travel cycles should be 

higher. A successful solution is associated with the objective-

function value being equal to zero. At this solution, the 

minimum number of travel cycles required to satisfy the fuel 

needs completely becomes apparent. 

Overall, the problem being solved at stage 2 can be 

described as follows. The constraint (1) will take the following 

form after transformation: 

 

𝑉
𝑃[𝑙]
⋅ (∑ ∑ 𝑋𝑃[𝑖], 𝑗

𝑚+1

𝑖=1

𝑟−1

𝑗=1
+∑ 𝑋𝑃[𝑖], 𝑟

𝑙−1

𝑖=1
) +

𝑍𝑘 = 𝑅 ⋅∑ 𝑋𝑃[𝑙], 𝑗
𝑟−1

𝑗=1
+𝑊𝑙 , ∀𝑙 ∈ {1, … ,𝑚},  

∀𝑟 ∈ 𝑁 

(6) 

 

where: 𝑍𝑘 – additional variable, 𝑘 = 1,… ,𝑚 ⋅ 𝑛. 

The constraint (2) will take the following form after 

transformation: 

 

𝑅 ⋅∑ 𝑋𝑖, 𝑗𝑗∈𝑁
+ 𝑌𝑖 = 𝑉𝑖

//
−𝑊𝑖, ∀𝑖 ∈ 𝑀 (7) 

 

where: 𝑌𝑖 – artificial variable. 

Finally, the constraint (3) will be transformed into: 

 

∑ ∑ 𝑋𝑃[𝑖], 𝑗 + 𝑍𝑚⋅𝑛+1
𝑖∈{1,…,𝑚+1}

=

𝑗∈𝑁

 𝑇 (8) 

 

where: 𝑍𝑚⋅𝑛+1 – additional variable. 

The non-negativity condition for all variables would be: 

 

𝑋𝑖, 𝑗 ≥ 0, 𝑖 = 1,… , (𝑚 + 1), 𝑗 = 1,… , 𝑛, 

𝑍𝑘 ≥ 0, 𝑘 = 1,… , (𝑚 ⋅ 𝑛 + 1), 
𝑌𝑖 ≥ 0, 𝑖 = 1, … ,𝑚). 
 

The objective function of the problem is simply the 

minimum value of the sum of artificial variables, as shown 

below: 

 

∑𝑌𝑖
𝑖∈𝑀

→ min (9) 

 

Stage 3: Comparing solutions. This stage involves 

admissible solutions to the constraint system. An admissible 

solution is a solution with the minimum number of travel 

cycles and efficient permutations (i.e., the sequence of 

locations that enables the fastest routes). The obtained solution 

is compared with other alternatives by looking at the minimum 

time required to travel between locations (5). Solutions with 

the most efficient permutations are deemed the best. In general, 

427



 

there will be just a few of them to choose from. 

 

2.4 Input data 

 

To test the model, five boiler houses were selected. The 

heating season spans 273 days. It begins September 1 and 

concludes May 31. The average capacity of the chipper is 240 

m3 per day. Assume that one working day has 12 hours, and 

the machine operates seven days a week. The driving time 

between boiler houses is shown in Table 1. 

 

Table 1. Driving time between boiler houses, hours 

 
Boiler house 1 2 3 4 5 

1 0 17 8 20 14 

2 17 0 9 3 4 

3 8 9 0 12 6 

4 20 3 12 0 6 

5 14 4 6 6 0 

 

The fuel demands and initial biomass feedstock of each 

boiler house are depicted in Table 2. For simplicity, assume 

that the chipper generates zero cubic meters of chips on the 

day when it moves to another boiler house. 

 

Table 2. Fuel demands and initial biomass feedstock of each 

boiler house 

 
Boiler 

house 

Average daily 

fuel demand, ,3 

Total fuel 

demand, m3 

Initial 

feedstock, m3 

1 13 3500 30 

2 10 2700 300 

3 9 2500 450 

4 11 3100 200 

5 8 2100 350 

 

 

3. RESULTS 

 

The optimal movement schedule for the mobile chipper 

obtained using a mathematical model is depicted in Figure 1. 

 

 
 

Figure 1. Movement schedule of the mobile chipper showing 

which boiler houses to visit and when 

 

As can be seen from the Figure 1 above, locations are 

arranged in the following order: 1, 4, 2, 5, 3. The starting point 

is the boiler house 1, which had the smallest reserve of chips 

at the beginning of the examined period and the highest 

consumption rate of fuel (Table 2). The stopping point is the 

boiler house 3, which had the largest reserve and the minimum 

rate of fuel consumption. That is, the movement was based on 

the initial amount of chips on the boiler house. The time-

optimal routes take 33 hours to drive. From the resulting 

schedule, it follows that the proposed model considers not just 

the time of driving. It considers the initial volume and 

consumption rate of fuel chips. Hence, it allows optimizing the 

biomass preparation process without shutting down the boilers. 

After that, an analysis was made of the operating time of the 

chipper and the amount of chips produced. 

Figures 2 and 3 show the number of productive days (the 

period when the machine produces chips on-site) and volumes 

of chips for each boiler house. 

 

 
 

Figure 2. The number of productive days and the total yield 

of fuel chips per boiler house obtained during the heating 

season 

 

Figure 2 shows that the mobile chipper spent more time at 

the boiler house 1 (15 operational days) because it had the 

greatest fuel demand. It took the least amount of time (8 

operational days) to supply the boiler house 5, as its total fuel 

demand was the lowest among the examined locations (Table 

2). It follows that the required number of operational days 

depends on the initial fuel supply. This conclusion is in good 

agreement with data in Figure 3. 

 

 
 

Figure 3. The volume of fuel chips before the scheduled 

arrival of the mobile chipper and after its scheduled departure 

 

In general, there were 60 working days, of which 54 were 

productive, and the machine produced 12.960 cubic meters of 

chips. The given volume satisfied the needs of five boiler 

houses located at a sufficiently far apart from each other. 

The proposed mathematical model considers factors that are 

vital for practical implementation and affect the machine 

scheduling process. The model is simple to use and the 

resulting movement schedule can be effectively employed in 

reality. Another advantage of the proposed model is that it 

enables a wood treatment organization to satisfy its fuel needs 

with the minimum number of travel cycles. It also takes into 

account all previous cycles. The total length of all cycles can 

be set individually, and the movement schedule is adjustable. 

The factor domain, however, is complex, as many crucial 

factors are hard to incorporate into the model, ranging from 

weather conditions and job shifts to the presence of raw 
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materials to chip on-site. Given this above limitation, the 

present paper offers a long-term movement schedule covering 

the entire heating season. Long-term planning does not require 

absolute precision — the longer the planning period, the more 

challenging the accurate scheduling. 

 

 

4. DISCUSSION 

 

Even though the proposed scheduling algorithm can 

generate multiple movement schedules using different input 

sets (e.g., data on fuel reserves), it is not a one-size-fits-all 

solution. There are input data values that do not lead to a 

feasible solution. For instance, if the initial feedstock amount 

is zero or close to zero, the mobile chipper must visit all boiler 

houses at once, but it would be impossible. To avoid this 

situation, one needs to adjust the mathematical model – to add 

new controllable factors and new constraints connecting them. 

In this way, the model will be able to consider the following 

two scenario: (1) fuel chips are transported to boiler houses 

where they are stored before the heating season begins; (2) 

boilers operate on auxiliary fuels (such as coal and oil) until 

the mobile chipper arrives. 

The given solution may not be effective in the presence of a 

large number of boiler houses, say more than 12, because 

generating all the permutations possible will take too much 

time. If there are M locations, there are M! permutations. In 

this case, one can optimize the generation of location 

sequences by reducing the number of possible permutations. 

For this, look at the most probable combinations. Another way 

toward optimization is to determine the time required to meets 

the fuel needs of each boiler house in the most efficient 

permutations, not all of them. By doing this, it is possible to 

significantly reduce the number of operations in the first and 

second stages of the algorithm and thus cut down the total 

running time of the algorithm. In the worst-case, the simplex 

method actually takes time exponential in the size of the input. 

In reality, however, the number of iterations to solve the 

problem is somewhere around 3m (m denotes the problem 

constraints), and each iteration is proportional to m3. Hence, 

the simplex method can be used in practically important tasks. 

The proposed algorithm relies on a modified simplex method 

with a recalculated inverse of the basis matrix. 

Other studies have used mixed-integer nonlinear 

programming models to achieve economic and environmental 

goals of the supply chain management [18]. The Lagrangian 

relaxation method has been used to improve planning 

operations in the forestry industry. The results showed that that 

approach optimizes well the movement schedule of forestry 

equipment with the increasing working time of the machines. 

Building a mathematical model allows a more in-depth study 

of various schedule options to find the best variant for an 

efficient harvesting process with minimal environmental 

damage [19]. Another alternative is schedule simulation [20], 

which enables the synchronization between chippers and 

trucks in the field. Using this method, researchers explored 

two scenarios: (1) chippers operate within the territory of the 

enterprise; (2) chip production takes place at the felling site 

with the subsequent transportation by truck. The results show 

that the first scenario is more rational because it is easier to 

transport raw materials than finished products. These two 

scenarios were combined in Ref. [21]. Chipping at the terminal 

involves transporting woody biomass from felling sites on 

smaller trucks and transporting chips from terminals to 

processing facilities on larger trucks. Given the balance 

between chopping and transport efficiency, the overall goal is 

to minimize the traveled distance between the destinations 

[22]. Synchronizing the arrival of trucks with chipping 

schedules is not necessary when chipping occurs at terminals 

or processing facilities because chips can last for long time 

[23]. 

Due to the absence of intermediate stops during 

transportation (the biomass is loaded directly into trucks and 

unloaded at the boiler houses), the process of collecting waste 

from logging operations is usually not time-limited. In turn, 

chipper scheduling can simplify the preparation of a fuel 

biomass feedstock and significantly reduce transportation and 

machine replacement costs. 

 

 

5. CONCLUSIONS 

 

After analyzing the results obtained, the following 

conclusions can be drawn. 

The paper creates an optimal movement schedule for a 

mobile chipper traveling between multiple boiler houses 

during the heating season.  

A mathematical model relies on the simplex method and 

allows the long-term operation planning.  

The findings show that the model takes into account the 

following parameters: machine capacity, feedstock amount, 

and traveled distance.  

The developed algorithm is suitable for scenarios with less 

than 12 nodes (boiler houses). It is possible to increase the 

number of nodes to make it tens or hundreds if the algorithm 

is limited to generating the most promising permutations at 

step 1.  

The use of the given model and algorithm will enable the 

regions to switch to local types of fuel and thus reduce the cost 

of thermal energy. In the long run, it will solve the woody 

waste problem. 

The results of this article can be used to manage delivery 

chains: scheduling, time spent at one facility, etc. Work in this 

direction can be continued by studying more boilers or adding 

new variables to this methodology. 

 

 

ACKNOWLEDGMENT 

 

The work was carried out within the confines of the 

scientific school “Advances in lumber industry and forestry”. 

The underlying content of this paper was supported by the 

grant of the Russian Science Foundation № 22-26-00009, 

https://rscf.ru/project/22-26-00009. 

 

 

REFERENCES  

 

[1] Williams, L.J., Cavender-Bares, J., Townsend, P.A., 

Couture, J.J., Wang, Z., Stefanski, A., Messier, C., Reich, 

P.B. (2021). Remote spectral detection of biodiversity 

effects on forest biomass. Nature Ecology & Evolution, 

5(1): 46-54. https://doi.org/10.1038/s41559-020-01329-

4 

[2] Bennett, A.C., Penman, T.D., Arndt, S.K., Roxburgh, 

S.H., Bennett, L.T. (2020). Climate more important than 

soils for predicting forest biomass at the continental scale. 

Ecography, 43(11): 1692-1705. 

429



https://doi.org/10.1111/ecog.05180 

[3] Titus, B.D., Brown, K., Helmisaari, H.S., Vanguelova, E.,

Stupak, I., Evans, A., Clarke, N., Guidi, C., Bruckman,

V.J., Varnagiryte-Kabasinskiene, I., Armolaitis, K., de

Vries, W., Hirai, K., Kaarakka, L., Hogg, K., Reece, P.

(2021). Sustainable forest biomass: A review of current

residue harvesting guidelines. Energy, Sustainability and

Society, 11(1): 1-32. https://doi.org/10.1186/s13705-

021-00281-w

[4] Hrůzová, K., Patel, A., Masák, J., Maťátková, O., Rova,

U., Christakopoulos, P., Matsakas, L. (2020). A novel

approach for the production of green biosurfactant from

Pseudomonas aeruginosa using renewable forest biomass.

Science of the Total Environment, 711: 135099.

https://doi.org/10.1016/j.scitotenv.2019.135099

[5] Stolarski, M.J., Warmiński, K., Krzyżaniak, M., Olba–

Zięty, E., Akincza, M. (2020). Bioenergy technologies

and biomass potential vary in Northern European

countries. Renewable and Sustainable Energy Reviews,

133: 110238. https://doi.org/10.1016/j.rser.2020.110238

[6] Makar, S.V., Yarasheva, A.V. (2017). Development of

regional forest potential of Russia in the context of bio-

economic trend. In: Managing Service, Education and

Knowledge Management in the Knowledge Economic

Era. CRC Press, Boca Raton, Florida, USA, pp. 13-18.

[7] Klyuev, N.N. (2020). Current changes on the industrial

map of Russia. Regional Research of Russia, 10(4): 494-

505. https://doi.org/10.1134/S2079970520040140

[8] Leskinen, P., Van Brusselen, J., Hassegawa, M.,

Alekseev, A., Lukina, N., Rakitova, O., Safonov, G.,

Kulikova, E., Safonov, M. (2020). The role of the

bioeconomy in climate change mitigation in Russia. In:

Russian forests and climate change. European Forest

Institute, Joensuu, pp. 105-129.

[9] Tikhonova, I., Guseva, T., Potapova, E. (2019). Cement

production in Russia: Best available techniques and

opportunities for using alternative fuel. International

Multidisciplinary Scientific GeoConference. Surveying,

Geology and Mining, Ecology and Management, 19(5.1):

71-79. https://doi.org/10.5593/sgem2019/5.1/S20.009

[10] Mihelič, M., Spinelli, R., Poje, A. (2018). Production of

wood chips from logging residue under space-

constrained conditions. Croatian Journal of Forest

Engineering, 39(2): 223-232.

[11] Grigorev, I., Shadrin, A., Katkov, S., Borisov, V.,

Gnatovskaya, I., Diev R., Kaznacheeva, N., Levushkin,

D., Druzyanova, V., Akinin, D. (2021). Russian sawmill

modernization (a case study). Part 2: Improving the

efficiency of wood chipping operations. International

Wood Products Journal, 12(2): 128-134.

https://doi.org/10.1080/20426445.2020.1871276

[12] Kormanek, M. (2020). Analysis of wood chipping

capacity of the Bandit 990XP chipper-case study. Journal

of Forest Science, 66: 63-69.

https://doi.org/10.17221/146/2019-JFS

[13] Grigorev, I., Shadrin, A., Kostyukevich, N., Levushkin,

D., Borisov, V., Diev, R., Voronova, A. (2020).

Improving the efficiency of wood chipping operations.

INMATEH Agricultural Engineering, 61(2): 217-224.

https://doi.org/10.35633/inmateh-61-24

[14] Ghaffariyan, M.R., Sessions, J., Brown, M. (2012).

Evaluating productivity, cost, chip quality and biomass

recovery for a mobile chipper in Australian roadside

chipping operations. Journal of Forest Science, 58(12):

530-535. https://doi.org/10.17221/51/2012-jfs

[15] Shahid, L.A., Amjad, N., Siddhu, M.A.H. (2019).

Adaptation and performance evaluation of a tractor

operated wood chipper shredder. Pakistan Journal of

Agricultural Research, 32: 197-204.

http://dx.doi.org/10.17582/journal.pjar/2019/32.1.197.2

04

[16] Pari, L., Suardi, A., Del Giudice, A., Scarfone, A.,

Santangelo, E. (2018). Influence of chipping system on

chipper performance and wood chip particle size

obtained from peach prunings. Biomass Bioenergy, 112:

121-127.

https://doi.org/10.1016/j.biombioe.2018.01.002

[17] Borgwardt, K.H. (2012). The Simplex Method: A

Probabilistic Analysis. Springer-Verlag, Berlin.

Heidelberg, New York, London, Paris, Tokyo.

[18] Baghizadeh, K., Zimon, D., Jum’a, L. (2021). Modeling

and optimization sustainable forest supply chain

considering discount in transportation system and

supplier selection under uncertainty. Forests, 12(8): 964.

https://doi.org/10.3390/f12080964

[19] Rudov, S.E., Voronova, A. M., Chemshikova, J.M.,

Teterevleva, E.V., Kruchinin, I.N., Dondokov, Y.Z.,

Khaldeeva, M.N., Burtseva, I.A., Danilov, V.V.,

Grigorev, I.V. (2019). Theoretical approaches to logging

trail network planning: Increasing efficiency of forest

machines and reducing their negative impact on soil and

terrain. Asian Journal of Water, Environment and

Pollution, 16(4): 61-75.

https://doi.org/10.3233/AJW19004

[20] Anderson, N., Chung, W., Loeffler, D., Jones, J.G.

(2012). A productivity and cost comparison of two

systems for producing biomass fuel from roadside forest

treatment residues. Forest Products Journal, 62(3): 222-

233. https://doi.org/10.13073/0015-7473-62.3.222

[21] Han, H., Chung, W., Wells, L. (2015). A Mathematical

Approach to Biomass Feedstock Logistics Problems.

Lexington, Kentucky.

[22] Melis, E., Vincis, A., Orrù, P.F. (2018). An overview of

current models and approaches to biomass supply chain

design and management. Current Sustainable/Renewable

Energy Reports, 5(2): 138-149.

https://doi.org/10.1007/s40518-018-0108-6

[23] Zamar, D.S., Gopaluni, B., Sokhansanj, S. (2017).

Optimization of sawmill residues collection for

bioenergy production. Applied Energy, 202: 487-495.

https://doi.org/10.1016/j.apenergy.2017.05.156

NOMENCLATURE 

𝑚 the number of boiler houses 

𝑅 the capacity of the mobile chipper 

𝑉𝑖
/

the boiler house’s daily demand for fuel chips 

𝑉𝑖
//

the boiler house’s total demand for fuel chips 

𝑊𝑖
the boiler house’s initial biomass feedstock on the 

day of planning 

𝑇 the maximum planning horizon 

𝐴𝑖,𝑘
time required to drive from one boiler house i to 

another k 

𝑛 the number of travel cycles 

𝑋𝑖, 𝑗
the duration a mobile chipper takes to generate 

fuel chips at the boiler house i during the cycle j 

430




