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As a burgeoning alternative to conventional finance, Islamic finance, characterized by its
ethical and Shariah-compliant financial offerings, has garnered increasing global attention.
This study sought to gauge public sentiment towards Islamic finance by leveraging
sentiment analysis on a dataset of tweets amassed between 2007 and 2022. Data extraction
from Twitter was performed using keywords pertinent to Islamic finance. The subsequent
preprocessing of the tweets facilitated a text analysis, conducted with the aid of the pre-
trained Twitter-roBERTa-base model. This model, trained on approximately 124 million
tweets and fine-tuned on analogous data, was aptly suited for categorizing the Islamic
finance-related tweets into positive, negative, or neutral sentiments. The findings primarily
showed a neutral sentiment distribution: 57% neutral, 17.9% positive, and 24.8% negative.
The term "Interest-free" surfaced as the most commonly associated with Islamic finance,
followed by "Profit sharing," "Risk mitigation," and "Islamic banking." The study identified
regions such as the United States, Gulf Cooperation Council (GCC) countries, Southeast
Asia, the United Kingdom, and other European countries with large Muslim populations as
prolific contributors to the Islamic finance discourse on Twitter. Moreover, the study
underscored a cultural influence on public sentiment, with Muslim-majority nations
predominantly expressing positive views towards Islamic finance, in contrast to the more
negative sentiment prevalent in non-Muslim-majority nations. These findings provide
valuable insights that could be harnessed to shape marketing and outreach initiatives, devise
effective communication strategies, and guide policymakers in promoting awareness of

Islamic finance through comprehensive education and awareness programs.

1. INTRODUCTION

In recent years, Islamic finance, with its ethical and Shariah-
compliant financial offerings, has gained prominence as a
credible alternative to traditional finance. This is particularly
notable given the rise of the global Muslim population and the
ensuing demand for such services. As Islamic finance
penetrates the global financial landscape, its presence and
influence are concurrently being observed on social media
platforms, particularly on Twitter. With a user base exceeding
330 million worldwide [1], Twitter serves as a platform for
individuals to articulate their perceptions and sentiments,
thereby making it an ideal source for garnering insights into
public sentiment towards Islamic finance.

It has been well established that big data analysis can
provide organizations with significant insights into their
operational landscape and customer needs [2]. Among all
social media platforms, Twitter is often selected as the primary
data source for sentiment analysis research. The reasons are
manifold. Firstly, Twitter provides extensive, publicly
available data, easily accessible to researchers. Secondly, the
data collection process from Twitter is facilitated by the use of
APIs and web scraping tools. Thirdly, the brevity of tweets
ensures the quality of the data, making it manageable for
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analysis. Fourthly, the real-time update of Twitter data renders
it suitable for examining current events and trends. Finally, its
global popularity and wide user base make it an ideal platform
for studying public opinion and sentiment [3-5]. Hence,
platforms like Twitter have become invaluable for analyzing
public perceptions and attitudes towards Islamic finance.

The global Islamic financial services industry (IFSI), valued
at 3.06 trillion USD in 2021 [6], comprises significant
segments like Islamic banking, which account for 68.7% of
IFSI assets (2.10 trillion USD) with a growth rate of 6.5%, and
the Islamic Capital Markets (ICM) segment, which constituted
30.5% of global IFSI assets (930.3 billion USD) in 2021,
growing at a rate of 12.5% annually. Assets under Islamic fund
management also saw a 6% increase. This growth trajectory is
propelled by rising demand from Muslim consumers and
growing awareness of the benefits of ethical, Shariah-
compliant finance. However, despite this growth, perceptions
of Islamic finance among non-Muslims and even some
Muslims remain varied, with misconceptions and lack of
understanding often culminating in negative perceptions. The
increasing popularity of Islamic finance has simultaneously
led to a surge in social media discussions on the topic,
providing a fertile ground for data analysis.

Understanding the public's perception of Islamic finance is
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essential because it is a critical test of the sector's acceptance,
growth, and sustainability. In this context, the public can be
assimilated to a consumer who, faced with multiple financial
products, has to make a reasoned choice. Public sentiment not
only influences market dynamics but also shapes regulatory
policies, educational initiatives, and the sector's competitive
position in the wider financial landscape. Therefore,
understanding and managing public perception is critical to the
success of Islamic finance.

In this study, we conducted a sentiment analysis of tweets
related to Islamic finance from 2007 to 2022. Our primary
objective was to explore people's opinions and perceptions
regarding this field and analyze the geographic distribution of
these opinions. In particular, we seek to answer the following
research questions: (1) What is the overall sentiment of Twitter
users towards Islamic finance? Are tweets about Islamic
finance predominantly positive, negative, or neutral? (2) What
are the key themes and topics associated with Islamic finance
on Twitter? What are the most frequently discussed aspects of
Islamic finance on this platform?

We used SnScrape, a scraping tool for social networking
services, to collect tweets related to Islamic finance from 2007
to 2022. We analyzed these tweets using Twitter-roBERTa-
base model, this model is suited for classifying Islamic finance
tweets because it has been trained on approximately 124
million tweets from and fine-tuned on similar data to
categorize tweets into positive, negative, or neutral classes,
and we conducted a detailed analysis of the resulting data.
Also, we conducted an analysis of prevalent topics and themes
by creating a word cloud, a data visualization technique that
visually represents the most frequently occurring terms in our
tweet’s dataset about Islamic finance. Additionally, we
explore the geographical distribution of these tweets to
provide insights into the global perception and popularity of
Islamic finance.

The findings of our study provide valuable insights into
people's perceptions of Islamic finance and its popularity
worldwide. By analyzing the sentiments expressed in these
tweets, we can identify the key features of Islamic finance that
are most commonly discussed, and understand the drivers of
these discussions. Additionally, we can identify regions where
Islamic finance is the most popular, providing insights for
policymakers and financial institutions in these regions.
Overall, this study provides a comprehensive analysis of the
sentiment surrounding Islamic finance on social media,
providing valuable insights for policymakers, financial
institutions, and researchers.

In the rest of our paper, we first provide a literature review
on the perception of Islamic finance and sentiment analysis
applications in finance. We then describe our methodology,

including the data collection and sentiment analysis techniques.

Next, we present the results and discuss their implications.
Finally, we conclude with a summary of our findings and offer
recommendations for future research.

2. LITERATURE REVIEW

Islamic finance, while having historical roots in the Muslim
world during the Middle Ages, where it played a pivotal role
in fostering trade and business activities with the development
of credit, is a concept that is relatively new, with the term

"Islamic financial system" emerging only in the mid-1980s [7].

Islamic finance is a financial system based on Islamic
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principles and Sharia law, aiming to support economic and
financial activities while adhering to Islamic Law.

The key distinctions between Islamic finance and
conventional finance is the absence of interest, or "riba." in
Islamic finance [8], Risk Sharing, the risk is shared between
the parties involved in a transaction, whereas in conventional
finance it is the borrower who bears most of the risk [9], Asset-
backed financing, Islamic finance requires that transactions to
be backed by tangible assets, while conventional finance often
relies on intangible assets [10], and the ethical considerations,
Islamic finance prohibits investing in industries that are
considered unethical, such as gambling, alcohol, and tobacco,
while conventional finance does not have such restrictions
[11].

With our understanding of the principles of Islamic finance
and how it differs from conventional finance, let's now focus
on the public perception of Islamic finance and the sentiment
analysis and its financial applications in the next subsections.

2.1 Review of public perception towards Islamic finance

Public perception refers to the collective awareness, beliefs,
attitudes, and opinions held by a group of individuals, often
within a society or community, about a particular subject, issue,
person, organization, product, or concept. It is the way people
perceive and interpret information, events, or entities. It can be
influenced by a variety of factors, including personal
experience, cultural background, media coverage, and
education [12].

In academic and practical contexts, understanding public
perception is crucial, as it can influence various aspects of
society, including decision-making, public policy, consumer
behavior, and the reputation of organizations or individuals.
Researchers, marketers, and policymakers often study and
analyze public perception to gain insights into how to
effectively communicate, engage, or address issues within a
given community or society.

Since the Islamic finance has gained increasing popularity
in recent decades, expanding its presence in many countries,
including the post-Soviet space [13, 14]. Public and business
perceptions of Islamic finance have been widely studied to
understand the demand for this type of financial service.
Several studies [15-19] have explored the perception of
Islamic finance in the MENA region. These studies show that
the general population has a positive perception of Islamic
finance and its principles. In particular, respondents
appreciated the focus on ethics, fairness, and justice in Islamic
finance, which they believed was in line with the values and
principles of their religion. For example, Al Balushi et al. [19]
investigates the awareness, willingnesss, and perceptions of
small and medium enterprises (SME) owner-managers in
Muscat, Oman towards Islamic financing instruments. The
study used a mixed-method approach with a questionnaire
survey and face-to-face discussions with SME owner-
managers. The findings show that SME owner managers have
positive perceptions of Islamic financing, but their willingness
to adopt it is motivated by factors other than finance.
Khursheed et al. [17] examined the factors affecting customer
perceptions of adopting Islamic banking and finance. The data
were collected through a survey of university students and
bank employees in three Gulf Cooperation Council countries
(the UAE, Kuwait, and Saudi Arabia). The results, analyzed
using regression modeling, indicate that all independent
variables - understanding, awareness, religious inspiration,



customer innovativeness, and perceived risk - significantly
influence customers' perceptions of Islamic financing.

The public's perception of Islamic finance in Europe and
America has been the focus of several studies [20-24]. The
results indicate that, while the majority of respondents hold a
positive view of Islamic finance and its principles, they lack a
deep understanding of the system. For example, Aldarabseh
[25] examined the popularity of Islamic finance in the USA
from 2014 to 2019 using Google Trends. The results showed
a decrease in search volumes for "Islamic finance" and
"Islamic bank" which suggests a decline in popularity.

Studies conducted in Asia [26-30] have explored the
perception of Muslim and non-Muslim customers towards
Islamic banking products and services. These studies show
that Islamic banking services are gaining popularity among
non-Muslims.

In Africa, Saiti et al. [31] investigated the factors
influencing the choice of Islamic banking among non-Muslim
customers in Nigeria. The growth of Islamic banking has
slowed down due to criticism and sentiments from some non-
Muslim segments of society, despite non-Muslims making up
a significant customer base. In the other hand [32] examined
the level of perception of Muslim account holders in a
conventional bank toward Islamic banking products and
determined the relationship between their perception and
decision to use Islamic banking services. In Ghana, Mbawuni
and Nimako [33] conducted a study to examine the perceptions
of both Muslim and non-Muslim consumers regarding the
implementation of Islamic banking while Saini Yvonne et al
[34] explores the level of consumer awareness and utilization
of Islamic banking products in South Africa., the research
analyzed the factors that influence the decision between
Islamic and conventional banks. The results show that while
Muslim customers are aware of Islamic banking options, their
usage remains low. The key factors influencing their banking
choices include efficiency, lower bank fees, accessibility of
ATMs, and a wide-branch network, rather than religious
adherence to Islamic principles.

In conclusion, the literature review highlights that the public
perception of Islamic finance varies across regions and that
there is a general lack of understanding of the principles and
concepts of Islamic finance, indicating a need for better
education and awareness programs.

2.2 Sentiment analysis and its applications in finance

Sentiment analysis is a technique that utilizes Natural
Language Processing to identify, extract, and analyze
sentiments expressed in text and categorize them into positive,
negative, or neutral sentiments [35]. The Sentiment Analysis,
which is an interdisciplinary field, encompasses the
integration of Natural Language Processing, Computational
Linguistics, and text analysis techniques for the purpose of
examining individuals' perceptions [36]. This is achieved
through the identification and examination of subjective data
from various sources, such as the web and social media
platforms [37]. The objective of Sentiment Analysis is to gain
an understanding of the public's sentiments or attitudes
towards specific individuals, products, or concepts by
determining the contextual polarity of information. As the
field continues to evolve, sentiment analysis is becoming
increasingly sophisticated, incorporating machine learning
and deep learning methods to enhance accuracy and address
the complexities of language, context, and cultural nuances in
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sentiment interpretation [36].

For the past ten years, researchers have been engaged in the
study of sentiment analysis, which has seen an increase in the
number of papers published since 2002 [38]. The Sentiment
analysis is classed into three categories: sentence-level
analysis, document-level analysis, and feature-level analysis.
The objective is to classify opinions from sentences,
documents, or features as positive or negative sentiments [38].
Two main techniques for sentiment analysis have been
identified: machine learning and lexicon-based methods. The
machine learning approach uses algorithms to identify
sentiment in data [39], whereas the lexicon-based approach
involves counting the number of positive and negative words
associated with the data [40, 41].

Social Media is one of the notable emerging technology
trends that drive the digital transformation [42] and with the
rise of social media, access to information on public opinion
has become plentiful. Social media platforms have become
ideal venues for individuals to express their emotions and
thoughts on a wide range of topics, which, in turn, can greatly
influence overall public opinion. In particular, Twitter, a
microblogging service, has received considerable interest
from researchers because of its ability to provide real-time
updates and allow users to interact with each other's thoughts
and opinions [43]. Different studies have used Twitter data to
analyze the relationship between Twitter sentiment and stock
market trends. For example, Oliveira et al. [44] analyzed all
tweets related to US stocks and used the Stanford CoreNLP
tool to process the text. The study found a strong correlation
between Twitter sentiments and popular survey sentiment
indicators. Pagolu et al. [45] analyzed 250,000 tweets about
Microsoft and found that sentiment analysis had an accuracy
of 70% for stock movement prediction. Batra and Daudpota
[46] analyzed 300,000 tweets about Apple from StockTwits
between 2010-2017 and used an SVM model for sentiment
analysis. The preprocessing of tweets included tokenization
and the removal of stop words and Twitter symbols.

In the banking and financial sector there is several studies
applying sentiment analysis techniques to examine the level of
perception towards banking products and services [47-54]. For
example, Fernandez et al. [55] employed sentiment analysis
techniques to create a sentiment index based on tweets in
Spanish, with the aim of capturing the perception of risk in
Mexico's financial system as reflected on Twitter. Lappeman
et al. [56] performed a sentiment analysis on over 1.7 million
social media posts in South Africa to understand the effect of
online negative word-of-mouth (nWOM) firestorms in the
retail banking sector. The sentiment analysis utilized both
natural language processing (NLP) and human validation
techniques to measure changes in social media sentiment
during firestorms, which included each of South Africa's
major retail banks over a twelve-month period. Ghobakhloo
and Ghobakhloo [57] conducted a study aimed at improving
customer retention and identifying customer needs through
sentiment analysis. The goal was to design a recommender
system that provides personalized services based on customer
satisfaction, sentiment, and experience. The proposed method
uses opinions and experiences gathered from tweets related to
banking services to understand customer sentiment orientation.
The study utilized correlation scores, cosine similarity, and
reliability to quantify customer sentiment and employed
suitable classification methods, opinion mining techniques,
and proper validation approaches to provide personalized
banking services.



The perception of Islamic finance and banking has been the
subject of numerous academic and research studies. However,
despite the abundance of literature in the field, there has been
limited investigation into the perception of Islamic finance on
social media platforms, such as Twitter. Sentiment analysis
has been widely used in the banking sector to study customer
opinions and perceptions, but there is a lack of research
specifically focused on the perception of Islamic finance on
Twitter. This study aims to fill this gap by being the first to
investigate the perception of Islamic finance on Twitter using
sentiment analysis techniques.

3. METHODOLOGY

In this paper, we have based on the domain of sentiment
analysis in order to analyze the tweets related Islamic finance
during the period from 2007 to 2022. The collected tweets
were classified them into classes such as positive, negative, or
neutral. The main objective was to analyze the perceptions of
Islamic finance from the collected tweets.

To do this, there are some steps to follow: data collection,
data cleaning, and data analysis using an approach of
classification.

3.1 Data collection

For data collection, we used Snscrape, a scraping tool for
social networking services (SNS). It scrapes items such as
users, user profiles, hashtags, searches, threads, and list of
posts and returns the discovered items without using Twitter’s
API. The keywords used for data collection in this study are
based on four sources [58-61]. These sources provide a
comprehensive list of technical terms and concepts used in
Islamic finance and banking, which were used as keywords for
collecting tweets on Twitter using Snscrape. Figure 1 shows
the different steps used to construct the dataset.

 J
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[ Relevant Tweets ]
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Keywords (200 keywords):

*Islamic Banking *Musharaka
*Islamic Credit *Qard-eHasan

*Interest-Free * profit-loss sharing

*Halal Investing *Mudaraba

PreProcessing

Cleaned Tweets

Figure 1. Steps for constructing the dataset

As shown in Figure 1, after applying the Snscrape tool, we
retrieved tweets related to our work. Each collected tweet had
four features:

« Tweet ID: A unique
published on Twitter has.

value that every tweet
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* Datetime: The date and time at which the tweet
was published.

» Username: Tweet holder.

 Location: The location of the user.

* Text: Textual content of tweets.
3.2 Text preprocessing

Data published in social networks, especially on Twitter,
can contain irrelevant information that negatively affects the
process of classification (sentiment analysis). To prepare the
collected tweets for the analysis and decrease the classification
error, we applied a number of text preprocessing methods to
clean the tweets.

* Removing the Hashtags.

* Removing web links.

* Removing special characters.

* Substitute the multiple spaces with single spaces.

* Removing all the single characters.

* Removing the twitter handlers.

* Removing numbers.

* Remove characters that have a length less than 2.

» Tokenization: Each tweet was split into individual
words.

* Removing stop words: Deleting any word that does
not emphasize any emotions, such as the preposition
(are, is, am) and the articles (a, an, the).

+ Stemming and lemmatization: Reduce inflectional
forms and sometimes derivationally related forms of a
word into a common base form. We wused this
preprocessing method because its use has shown very
positive results in the classification of social network
data [62].

3.3 Text analysis

After preprocessing the tweets related to Islamic finance,
we performed text analysis using the pre-trained Twitter-
roBERTa-base model. which is trained on tweets' text, has
shown impressive results [63]. Given that our project is
Twitter-centric, we opted for this model. Selecting a model
that has been fine-tuned on similar data or has a proven ability
to handle short, informal text is advantageous. Furthermore,
it's crucial to choose a model with a strong track record in
sentiment analysis tasks, as evidenced by the articles
referenced [64, 65]. Additionally, the availability of pre-
trained models and resources for fine-tuning is a key
consideration. Certain models offer publicly accessible pre-
trained checkpoints, and this is indeed the case with the
Twitter-roBERTa-base model.

The model was specifically trained on approximately 124
million English tweets from January 2018 to December 2021.
It has been fine-tuned for sentiment analysis using the
TweetEval benchmark (Sentiment analysis tasks in TweetEval
involve classifying tweets into sentiment categories like
positive, negative, or neutral.) Barbieri et al. [66] making it an
appropriate choice for classifying tweets related to Islamic
finance into positive, negative, or neutral sentiment categories.

4. FINDINGS DISCUSSION

The findings of the analysis were examined in light of the
research questions posed in the introduction.



4.1 Islamic finance-related tweets throughout the global
population

One of the most typical analytics for text-based datasets is
an illustrated word cloud that displays the most commonly
used terms. It graphically displays the most popular terms and
provides a simple method for summarizing the tweet content.
Figure 2 shows the word cloud of tweets from the Islamic
finance database.

edit card right

Islamic banklnggover nment Pay

§‘S thlnk ! < :
ig risk mltlgatlon !~ know
‘2 interest'free
CiTe fant proflt sharing

515, 03P free loan work
time © if_alojib Dr_algarnee

Figure 2. Word cloud of tweets about Islamic finance

The larger the word inside the word cloud, the more
frequently it is used. As shown in Figure. 2, 'Interest free ' is
the most-used term in tweets, followed by 'Profit sharing,’
'Risk mitigation,” ‘Free loan’ and Islamic banking.” They are
the most used words related to Islamic finance on Twitter This
is not surprising, as all three terms are the key features of
Islamic banking. Profit sharing is a financing instrument
unique to Islamic banking that involves sharing risks between
the lender and customer [67-69]. Risk mitigation is an
important part of risk management in Islamic finance literature
[70]. Interest-free it is a central tenet of Islamic finance. One
of the fundamental principles of Islamic finance is the
prohibition of interest (riba), which is considered to be unjust
and exploitative [71-74]. Since the 1960s, there has been much
debate among modern Muslims regarding the ban on riba
(interest) in Islam [75].

4.2 Geolocation of main populations involved in Islamic
finance tweeting throughout the world

The location of the users involved in tweets on Islamic
finance is a crucial piece of information obtained using the
Snscape library. It should be noted that this analysis is only
available to users who provide their locations. Consequently,
it did not reflect the entire extracted dataset stated previously.

Figure 3 displays the geographical locations on a map where
these tweets were posted as well as the frequency or density of
tweets in different regions. This type of representation can
provide insights into the spread and popularity of Islamic
finance as a topic of discussion on social media as well as
highlight areas where it is more or less prevalent.

The spread of tweets is evident in several key regions,
including the Gulf Cooperation Council (GCC) countries,
Southeast Asia, the United Kingdom, and other European
countries with large Muslim populations, the United States,
and Canada.

In the GCC region, countries such as Saudi Arabia, the
United Arab Emirates, and Qatar are highly active in tweeting
about Islamic finance, highlighting their strong involvement
and interest in the field [76, 77]. Additionally, the high density
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of tweets in Southeast Asia, particularly in Malaysia and
Indonesia, suggests that Islamic finance is rapidly gaining
popularity in this region [78, 79].

The presence of tweets in the United Kingdom and other
European countries with large Muslim populations highlights
the relevance of Islamic finance in these communities [22, 24,
80]. Similarly, the United States and Canada also showed
significant engagement in the topic, indicating a growing
interest in the field in North America [81].

Islamic finance is a growing industry in West Africa,
especially Nigeria. This can be attributed to the increasing
demand for Shariah-compliant financial products and services
in the region [82-84].

Overall, this map provides valuable insights into the spread
and popularity of Islamic finance on social media platforms. It
serves as a useful tool for monitoring trends and patterns of
discussion and for identifying areas where further research and
outreach efforts could be beneficial.

The United States, which accounts for the majority of tweets
overall (19.83%), followed by Malaysia (19.56%), and India
(9.62%), according to Figure. 4. This finding suggests that
Islamic financing is not just practiced in Muslim-majority
nations. Five of the top ten nations were non-Muslims (the
United States, India, the United Kingdom, Canada, and
Nigeria). Although a greater number of tweets about Islamic
finance originated from non-Muslim nations, there is no
evidence that the tweets were sent by Muslims [31]. This may
be because these countries have more Twitter users than
Muslim countries do. Furthermore, there are many Muslims in
these five nations, notably in the United Kingdom [85].

Figure 3. Geographical distribution of tweets on Islamic
finance
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Figure 4. the top ten countries with the highest number of
tweets



4.3 Sentiment analysis on Islamic finance: Examining its
sentiment trends

Figure 5 presents a circular representation of the sentiment
distribution in our tweet dataset. The chart was divided into
proportional slices, each representing a sentiment category:
positive, neutral, and negative. The result of 57% of tweets
being neutral, 17.9% positive, and 24.8% negative suggests
that there is a mixture of opinions and perspectives on Islamic
finance among social media users. Many tweets related to
Islamic finance may contain factual information, updates or
professional discussions, which often do not evoke strong
positive or negative emotions. Therefore, these tweets are
more likely to be classified as neutral in sentiment analysis. It
is also a topic of interest to people who want to learn more
about it. In this case, the content shared on Twitter may be
more informative and educational, resulting in a higher
proportion of neutral tweets. However, neutral tweets may
indicate a lack of strong opinions or limited engagement with
the topic, while positive and negative tweets may indicate a
more polarized view. A higher proportion of negative tweets
may indicate concerns or criticisms of the topic, whereas
positive tweets may reflect support and interest in Islamic
finance. The following are some examples of negative tweets.

“Modern systems of (so-called) Islamic finance
operating in such an environment usually simply hide
the interest or call it by a different name.”

“It's one thing if we can't control ourself but to deal
with riba.” But it's totally another level of stupidity to
ourself'to said all this Islamic Finance is not riba’.”

“Without intrest gving or taking money, just to
respect a particular religion wl be harmful for a
dvloping economy like India #IslamicBanking”

Examples of positive tweets are as follows:

“In my tweet pleeing for Muslims being welcome in
#EU, I welcome Islamic Banking too. #ethics #GPI “

“Follow the rules of Islamic economics and you will
flourish”™

“Fortunately, #IslamicBanking appears to present the

perfect model for poverty eradication that the west is far from!”’

neutral

positive

negative
Figure 5. Sentiment distribution

Figure 6 shows the trend of Islamic finance tweets per
month for the period from 2007 to 2022, while Figure 7 shows
the Sentiment Distribution per year. It’s clear that in the first
three years there was few tweets about Islamic finance, the
scarcity of tweets regarding Islamic finance in the initial three
years can be attributed to the limited number of Twitter users
during that period [86]. We also observe that tweets related to
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Islamic finance started after 2008 because, after the global
financial crisis, Islamic finance emerged as a viable alternative
system for conducting financial transactions. This system is
based on mutual risk-sharing principles, which serve to reduce
systemic risk and promote social equality by uplifting the less
privileged segment of society [87].

From Figures 6 and 7, we can see that negative tweets
started to be more than positive ones from 2016, and the
internal challenges facing the Islamic finance industry could
be a possible explanation for the increase in negative tweets
from 2016. Abozaid [88] cited deficiencies in Shariah
governance and product development methodology as internal
challenges that could affect the credibility of Islamic finance
and lead to loss of confidence in the industry. If these
challenges remain unaddressed, Abozaid [88] suggests that
people may lose confidence in Islamic finance if these
challenges remain unaddressed.
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Figure 6. Monthly sentiment trend
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Sentiment analysis of top ten countries with the
highest number of tweets



In addition, the Figure 8 displays the sentiment distribution
of the top ten countries with the highest number of tweets
related to Islamic finance. It highlights the balance of positive
and negative sentiments in these countries.

This illustrates a significant divergence in public sentiment
towards Islamic finance. Muslim-majority countries, such as
Malaysia, Saudi Arabia, Indonesia, Pakistan, and the United
Arab Emirates, exhibit a predominantly positive sentiment
except for Nigeria, in contrast, non-Muslim-majority countries,
including the United States, India, the United Kingdom,
Canada, and lean more negatively. These findings highlight
the impact of cultural and demographic factors on perceptions,
underlining the need for targeted strategies to promote Islamic
finance acceptance and understanding in diverse global
contexts.

5. CONCLUSIONS

This study analyzes the perception of Islamic finance on
Twitter between 2007 and 2022, based on sentiment analysis.
We collected tweets using the SnScrape tool and performed
data preprocessing to clean the data before analysis. We
classified tweets into positive, negative, or neutral sentiments
using the Twitter-roBERTa-base model, and found that
interest-free, profit-sharing, and risk mitigation were the most
frequently mentioned terms related to Islamic finance. We also
found that Islamic finance is a popular topic of discussion in
GCC countries, Southeast Asia, the United Kingdom, and
other European countries with large Muslim populations, the
United States, and Canada. In addition, our analysis reveals
that Muslim-majority countries generally hold a more positive
perception of Islamic finance compared to non-Muslim-
majority countries, signifying a notable cultural and
demographic influence on public sentiment.

This study has several implications for the Islamic finance
industry as it provides insights into public perceptions and
opinions about Islamic finance. The findings suggest that
interest-free, profit-sharing, and risk mitigation are important
factors in Islamic finance and that Islamic finance is gaining
popularity in certain regions of the world. These insights can
be used by industry professionals to better understand
consumers’ needs and preferences as well as to develop
marketing strategies and outreach initiatives.

Overall, this study demonstrates the value of social media
analysis in understanding public perceptions and opinions
about financial products and services and highlights the
potential of sentiment analysis as a powerful tool for analyzing
large-scale datasets.

Future research could use sentiment analysis of Islamic
finance tweets to forecast Islamic index prices and investigate
the impact of sentiment on Twitter on the growth of the Islamic
finance industry. This could provide valuable insights for
investors and industry professionals and contribute to a better
understanding of the relationship between social media
sentiment and financial markets in the Islamic finance industry.
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